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An aside: moving gverages

Following non-stationary phenomena
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* Exponential Moving Average (EMA)
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“the weight of newer observations remains constant”
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“the weight of newer observations diminishes with time”
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An aside: moving gverages

* Exponential Moving Average (EMA) (1— )
_ _ “the weight
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diminishes with time” ""“"“ll!
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The weight of past contributions decays as Computerized Investing
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