
Reinforcement Learning [1] Artificial Intelligence   2014-2015 

  Artificial Intelligence 
 

 



Reinforcement Learning [2] Artificial Intelligence   2014-2015 

Multi-Armed Bandit 
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Multi-Armed Bandit: strategies 
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Multi-Armed Bandit: evaluating strategies 
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Multi-Armed Bandit: Online learning 
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Multi-Armed Bandit: Online learning 
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Multi-Armed Bandit: evaluating strategies 
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Multi-Armed Bandit: Optimal online learning 
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Multi-Armed Bandit: UCB strategy 
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Multi-Armed Bandit: Thompson Sampling 
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Multi-Armed Bandit: Thompson Sampling 
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Multi-Armed Bandit: Thompson Sampling 
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Agent/Environment Interactions 
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An example: gridworld 
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Markov Decision Process (MDP) 
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Markov Decision Process (MDP): policies and values 
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Bellman equations 
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Optimal policy – Optimal value function 
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Optimal value function: value iteration 
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Value iteration and optimal policy 
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Optimal policy: policy iteration 
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Offline vs. Online learning 
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Q-Learning  
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Q-Learning  
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