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Probabilistic Inference 
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Example: anti-spam filter 
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Inference in the anti-spam filter 
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Building a graphical model 


T : (tampering) 

F : (fire) 

A : (alarm) 

S : (smoke) 

L : (leaving) 

R : (report) 
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Building a graphical model 
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Building a graphical model 
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Probabilistic inference 
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Example: finding A given L=1 e S=0 
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hence, at the numerator: 
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Probabilistic inference 


Note that: 
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This is a normalizing term: 

it can be computed from 
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in an inference problem are marginalizations 
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In fact: 
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By rewriting: 
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Probabilistic inference 
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Probabilistic inference 
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Probabilistic inference 
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Variable elimination for graphical models 
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